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Abstract 

This study developed and validated a psychometrically sound instrument to assess ethical artificial intelligence (AI) use 

among postgraduate students, addressing the critical gap in reliable measurement tools for AI academic integrity in higher 

education. A quantitative design employed two Egyptian postgraduate student samples (N₁=629, N₂=884) for exploratory 

and confirmatory factor analyses. The AI Academic Integrity Scale was developed through a comprehensive literature review 

and subjected to rigorous psychometric validation, including reliability assessment using multiple coefficients. Results 

revealed a robust three-factor structure: Ethical Use of AI, Awareness of Misuse Risks, and Academic Writing Support, 

explaining 39.997% of the total variance. Confirmatory factor analysis demonstrated an excellent model fit (χ²/df=2.484, 

GFI=.974, CFI=.958, RMSEA=.041). The final 17-item instrument showed satisfactory reliability across subscales 

(McDonald's ω=.695-.708, Cronbach's α=.692-.707), with factor loadings ranging from .502 to .688. The AI Academic 

Integrity Scale is a reliable tool that identifies the ethical engagement of AI technologies in postgraduate education, offering 

a comprehensive assessment of both challenges and opportunities within academic contexts. The instrument assesses 

postgraduate students' ethical AI engagement, aiding policy development and targeted interventions, promoting responsible 

AI integration while maintaining academic integrity in AI-enhanced educational environments. 
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1. Introduction 

The integration of artificial intelligence (AI) technologies has emerged as a transformative force in higher education, 

particularly among postgraduate students who increasingly rely on these tools for academic pursuits [1, 2]. This rapid 

adoption has created a complex educational landscape where innovative technological applications intersect with 

fundamental questions of academic integrity and ethical practice. While AI offers unprecedented opportunities for 

personalized learning experiences, research enhancement, and skill development [3, 4], it simultaneously introduces 

significant challenges regarding assessment authenticity, intellectual ownership, and equitable access [5, 6]. 

The tension between educational benefits and academic integrity concerns represents a critical challenge for higher 

education institutions worldwide [7, 8]. On one hand, AI technologies facilitate enhanced student engagement, improved 

productivity, and greater accessibility to educational resources [9-11]. On the other hand, these same technologies raise 

serious concerns about plagiarism, diminished originality, and the potential erosion of critical thinking skills among students 

[12-14]. This fundamental tension necessitates developing robust institutional policies and ethical frameworks that maximize 

AI’s educational potential while preserving academic integrity [15, 16]. 

Conventional academic integrity assessment methods have proven inadequate for addressing the unique challenges 

presented by advanced AI systems. Traditional plagiarism detection tools demonstrate limited effectiveness in identifying 

sophisticated AI-generated content, particularly when advanced prompting or paraphrasing techniques are employed [17, 

18]. The ability of modern AI tools to closely mimic human writing and circumvent established detection methods creates 

substantial barriers to maintaining academic standards [16, 19]. Without reliable, validated assessment instruments 

specifically designed for AI-related academic integrity, educational institutions struggle to develop appropriate policies and 

implement effective training for both faculty and students [20]. 

Despite growing recognition of these challenges, there remains a significant gap in the literature regarding validated 

measurement tools for assessing ethical AI use in higher education settings. While researchers have documented the 

increasing prevalence of AI in academic contexts [21, 22] few studies have developed and validated psychometric instruments 

specifically designed to measure ethical AI usage among postgraduate students. This research gap hampers institutional 

efforts to formulate evidence-based policies and undermines attempts to foster responsible AI integration within academic 

communities [23-25]. 

The present study addresses this critical research gap by developing and validating the AI Academic Integrity Scale for 

Postgraduate Students. This psychometric instrument aims to provide educational institutions with a reliable tool for assessing 

ethical AI use among postgraduate learners, thereby facilitating more informed approaches to policy development, 

educational intervention, and curriculum design. By establishing the reliability and validity of this measurement tool, this 

research contributes to the broader scholarly discourse on maintaining academic integrity in an increasingly AI-enhanced 

educational landscape [2, 26-28]. 

 

2. Literature Review 
The ethical use of AI in academic contexts is best conceptualized through multidisciplinary theoretical perspectives that 

emphasize fairness, transparency, and accountability [29, 30]. Recent studies have demonstrated the practical benefits of AI 

integration in specific educational contexts, such as language learning applications that enhance student performance [4]. 

These perspectives integrate philosophical, legal, and pedagogical frameworks to address the unique challenges presented by 

AI-enhanced learning environments. Traditional academic integrity theories remain relevant but require significant 

adaptation, particularly regarding transparency and proper attribution when using AI tools [31, 32]. The tension between 

technological innovation and academic ethics is addressed through theoretical models, including algorithm vigilance [33], 

which emphasizes continuous monitoring of AI systems, and frameworks that balance human oversight with technological 

advancement [34, 35]. These models collectively stress that ethical AI use requires integrating traditional academic values 

with new guidelines that promote responsible innovation while preserving the core principles of academic integrity. 

Ethical AI use in higher education is conceptually defined as the transparent, responsible application of AI technologies 

that enhances learning while preserving academic integrity [36, 37]. The distinction between appropriate and inappropriate 

AI use among postgraduate students centers on intent, disclosure, and originality. Appropriate use supports understanding 

and research with proper attribution, while inappropriate use involves misrepresentation and bypassing intellectual 

development [38]. As AI technologies advance, academic integrity frameworks are evolving beyond traditional notions of 

authorship and plagiarism toward collaborative guidelines that emphasize student responsibility for AI-generated content and 

the ethical integration of AI into academic workflows [39-41]. This evolution reflects the growing recognition that AI tools 

fundamentally alter the academic landscape, necessitating new approaches to assessment and integrity verification. 

The theoretical foundation for measuring ethical AI use in higher education draws upon several interconnected 

constructs. Fairness, accountability, transparency, autonomy, and socio-technical responsibility emerge as the most relevant 

dimensions for assessment [42-44]. Psychometric approaches increasingly integrate behavioral ethics models, particularly 

the Academic Integrity Model (AIM), which conceptualizes ethical behavior as emerging from human-AI interactions [42, 

45]. These frameworks inform the dimensional structure of academic integrity scales by balancing universal ethical principles 

with contextual considerations [46, 47]. The shift from broad principle-based frameworks toward more nuanced, context-

sensitive models reflects the complex interplay between human agency and AI capabilities in academic settings, necessitating 

assessment tools that capture both ethical decision-making processes and localized educational norms. 
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3. Method 
3.1. Research Design 

The study employed a quantitative research methodology to examine the psychometric properties of the AI Academic 

Integrity Scale for Postgraduate Students. The research specifically focused on investigating the scale's validity and reliability 

within the context of higher education in Egypt. The study was conducted during the 2024-2025 academic year at the Faculties 

of Education at Al-Azhar University (Men's campus in Dakahlia and Women's campus in Cairo) and the Faculty of Education 

at Kafr El-Sheikh University, Egypt. 

 

3.2. Participants  

The study utilized two distinct samples to conduct comprehensive psychometric analyses of the scale. The first sample, 

used for exploratory factor analysis, consisted of 629 postgraduate students recruited using a convenience sampling approach 

from various academic departments within the participating faculties. This sample achieved a 100% response rate, providing 

complete and valid responses. The participants represented different postgraduate levels, with 44.8% enrolled in diploma 

programs, 28.3% in master's programs, and 26.9% in doctoral programs. The age range of participants was 22-39 years (M 

= 26.78, SD = 4.96). The sample included both male (43.2%) and female (56.8%) students. The majority of students (72.8%) 

resided in rural areas, while 27.2% lived in urban areas. 

The second sample, utilized for confirmatory factor analysis and reliability assessment, comprised 884 postgraduate 

students recruited from the same institutions using similar sampling procedures. This sample exhibited demographic 

characteristics reflective of the broader postgraduate student population in Egyptian higher education institutions. 

Specifically, 43.7% (n = 386) were enrolled in diploma programs, 30.4% (n = 269) in master's programs, and 25.9% (n = 

229) in doctoral programs. The gender distribution included 45.8% male (n = 405) and 54.2% female (n = 479) participants. 

The age range was 23–41 years (M = 27.32, SD = 5.18). Regarding residential distribution, 31.6% (n = 279) of participants 

resided in urban areas, while 68.4% (n = 605) came from rural backgrounds. This robust and diverse sample facilitated 

rigorous testing of the scale's factor structure and psychometric properties across different demographic subgroups. 

 

3.3. Instruments 
The primary research instrument was the AI Academic Integrity Scale for Postgraduate Students, initially consisting of 

24 items designed to measure ethical AI use among postgraduate students. The scale employed a 5-point Likert-type response 

format ranging from 1 (strongly disagree) to 5 (strongly agree). The items were developed based on a comprehensive review 

of literature on academic integrity and ethical AI use in higher education settings, with particular attention to the unique 

challenges and considerations relevant to postgraduate education. To ensure cultural appropriateness and linguistic accuracy, 

the researchers implemented a rigorous translation and adaptation process for the Arabic version of the scale. This 

comprehensive approach involved forward translation by bilingual experts, synthesis of translations, back-translation, and 

careful review by an expert committee of educational psychology specialists. 

 

3.4. Data Collection Procedures 

Researchers created a digital version of a scale using Google Forms after obtaining ethical approvals from participating 

institutions. This online format facilitated efficient data collection and standardized administration across participants. The 

Google Form included an introductory section, instructions for completing the scale, and a digital consent form. The link was 

distributed to postgraduate students across three faculties, and faculty members were requested to share the survey link during 

classes. The digital format allowed participants to complete the scale at their convenience, ensuring all questions required 

responses before submission. Confidentiality was assured, and the Google Form did not collect identifying information 

beyond basic demographic data. The scale was administered in Arabic, the primary language of instruction at the participating 

institutions. 

 

3.5. Data Analysis 

The study employed a comprehensive statistical approach to analyze the psychometric properties of the AI Academic 

Integrity Scale. For Sample 1, comprising 629 participants, exploratory factor analysis (EFA) was conducted to investigate 

the scale's structure. The Kaiser-Meyer-Olkin (KMO) measure of sampling adequacy and Bartlett's test of sphericity were 

performed to assess data suitability. For Sample 2, with 884 participants, confirmatory factor analysis (CFA) was used to 

validate the identified structure. Multiple fit indices were examined to evaluate model fit. Reliability assessment was 

conducted using Cronbach's alpha, McDonald's omega coefficients, and composite reliability estimates. Convergent and 

discriminant validity were examined through correlational analyses with theoretically related and unrelated constructs. 

Descriptive statistics summarized sample demographics and response patterns across scale items. Measurement invariance 

testing was performed across gender and academic level subgroups to ensure the scale functioned effectively across diverse 

student populations. 

 

4. Results 
Prior to conducting exploratory factor analysis (EFA), the KMO measure of sampling adequacy and Bartlett's test of 

sphericity were performed to assess data suitability. The KMO value of .889 indicated excellent sampling adequacy, while 

Bartlett's test yielded a significant result (χ² = 3706.780, df = 276, p < .001), confirming the appropriateness of the data for 

factor analysis. 
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The EFA was conducted on the initial 24-item scale using principal component analysis with varimax rotation. The 

analysis revealed a three-factor solution that explained 39.997% of the total variance. Factor 1 accounted for 24.602% of the 

variance, while Factors 2 and 3 explained 9.624% and 5.771% of the variance, respectively. Based on the EFA results, 17 

items with factor loadings greater than .50 were retained, with 7 items eliminated due to insufficient factor loadings or cross-

loading on multiple factors. 

 
Table 1. 

Factor Loading Analysis of 17-Item AI Academic Integrity Scale. 

Items 
Factor 

Loading 
M SD 

Item total 

correlation 

Factor 1: Ethical Use of AI 

16. I use AI tools to enhance my own thinking rather than 

replace it 
0.657 3.453 0.913 0.434** 

11. I consult my institution's guidelines before using AI for 

academic work 
0.639 3.518 0.978 0.329** 

15. I regularly reflect on whether my AI usage aligns with academic 

integrity principles 
0.633 3.804 0.909 0.509** 

9. I ensure AI assistance doesn't compromise the authenticity of my 

academic voice 
0.625 3.789 0.930 0.503** 

14. I believe using AI without disclosure constitutes plagiarism 0.616 3.804 0.950 0.371** 

12. I verify AI-generated content against reliable academic 

sources 
0.555 3.390 0.904 0.305** 

Factor 2: Awareness of Misuse Risks 

7. I am aware that AI tools may reproduce biases present in 

academic literature 
0.669 3.812 0.964 0.444** 

5. I understand how AI use might undermine the learning objectives 

of assignments 
0.661 4.011 0.921 0.448** 

2. I understand the potential consequences of unattributed AI use in 

my institution 
0.637 4.046 0.925 0.447** 

1. I recognize that submitting AI-generated essays as my own work 

constitutes academic misconduct 
0.629 3.806 0.757 0.452** 

8. I understand how AI might generate convincing but factually 

incorrect content 
0.612 3.836 0.892 0.560** 

4. I am aware that AI can be used to circumvent plagiarism detection 

systems 
0.552 4.040 0.974 0.419** 

Factor 3: Academic Writing Support 

23. I request AI assistance for grammar and syntax improvements 0.688 3.639 0.999 0.422** 

22. I employ AI to help clarify complex concepts in my drafts 0.658 3.568 0.900 0.454** 

21. I use AI tools to overcome writer's block in academic writing 0.604 4.013 1.074 0.453** 

24. I use AI to generate alternative phrasings for my own ideas 0.551 3.638 0.819 0.499** 

17. I use AI tools to check for unintentional plagiarism in my work 0.502 3.440 1.034 0.339** 
Note:  **p < .01. 

 

The final 17-item scale comprised three distinct factors: Ethical Use of AI (6 items), Awareness of Misuse Risks (6 

items), and Academic Writing Support (5 items). As shown in Table 1, factor loadings for the retained items ranged from 

.502 to .688, indicating robust item-factor relationships. Item-total correlations ranged from .305 to .560, demonstrating 

adequate discriminative power. The mean scores for individual items ranged from 3.390 to 4.046 (on a 5-point scale), 

suggesting generally positive perceptions regarding ethical AI use among participants. 

To validate the three-factor structure identified through EFA, CFA was conducted using the second sample (N=884). 

The CFA model specified the three latent factors (Ethical Use of AI, Awareness of Misuse Risks, and Academic Writing 

Support) with their respective observed variables as identified in the EFA solution. Figure 1 illustrates the structural model 

with standardized factor loadings. 
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Figure 1. 

CFA Model of 17-Item AI Academic Integrity Scale. 

 

The CFA results indicated a good fit between the hypothesized model and the observed data. The chi-square test yielded 

χ²/df = 2.484, which is below the recommended threshold of 3.0, suggesting acceptable model fit. Additional fit indices 

provided further support for the model's adequacy: GFI = .974, AGFI = .961, NFI = .933, CFI = .958, and RMSEA = .041 

(90% CI [.033, .049]). The RMSEA value fell below the .05 threshold, indicating excellent fit, while the CFI value exceeded 

the recommended cutoff of .95, demonstrating good fit. The PCLOSE value of .965 further supported the model's 

acceptability. 

Convergent validity was supported by a CR of .752 and an average variance extracted (AVE) of .502, both exceeding 

the recommended thresholds of .70 and .50, respectively. These findings provide robust evidence for the three-factor structure 

of the AI Academic Integrity Scale for Postgraduate Students. 

Reliability analysis was conducted to assess the internal consistency of the 17-item AI Academic Integrity Scale and its 

subscales. As presented in Table 2, the reliability coefficients were calculated using multiple approaches to ensure a 

comprehensive assessment. McDonald's omega (ω) coefficients were .708, .704, and .695 for the Ethical Use of AI, 

Awareness of Misuse Risks, and Academic Writing Support factors, respectively. Similarly, Cronbach's alpha (α) coefficients 

were .707, .702, and .692, while Guttman's lambda-2 (λ2) values were .708, .703, and .694 for the three subscales. 

 
Table 2.  

Reliability Coefficients of 17-Item AI Academic Integrity Scale. 

Variable McDonald's ω Cronbach's α Guttman's λ2 

Ethical Use of AI 0.708 0.707 0.708 

Awareness of Misuse Risks 0.704 0.702 0.703 

Academic Writing Support 0.695 0.692 0.694 

 

These reliability coefficients, all approaching or exceeding .70, demonstrate satisfactory internal consistency for the 

scale and its dimensions, particularly considering the multidimensional nature of the construct and the relatively small number 

of items per factor. The consistency across different reliability estimation methods further supports the scale's measurement 

stability. 

The comprehensive psychometric evidence, including factor structure, model fit indices, and reliability coefficients, 

collectively supports the validity and reliability of the 17-item AI Academic Integrity Scale as a measurement tool for 

assessing ethical AI use among postgraduate students in the Egyptian higher education context. 
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5. Discussion 
The present study aimed to develop and validate the AI Academic Integrity Scale for Postgraduate Students within the 

Egyptian higher education context. Through rigorous psychometric analysis, a three-factor structure emerged 

comprising Ethical Use of AI, Awareness of Misuse Risks, and Academic Writing Support. This structure demonstrates good 

model fit (χ²/df = 2.484, GFI = .974, CFI = .958, RMSEA = .041) and satisfactory reliability coefficients across all subscales 

(ω = .695–.708, α = .692–.707). These findings provide empirical support for the scale’s utility in assessing ethical AI use 

among postgraduate students and offer several important theoretical and practical implications. 

The validated three-factor structure aligns with and extends current theoretical frameworks on academic integrity in 

technology-enhanced learning environments. Particularly, the Ethical Use of AI dimension corresponds with the transparency 

and accountability principles emphasized in contemporary academic integrity models [36, 37]. Items loading on this factor, 

such as “I use AI tools to enhance my own thinking rather than replace it” and “I ensure AI assistance doesn’t compromise 

the authenticity of my academic voice,” reflect the evolving conceptualization of integrity that acknowledges AI as a 

collaborative tool rather than merely a potential vector for misconduct. This finding supports the theoretical shift from 

traditional plagiarism frameworks toward more nuanced models of academic integrity that accommodate technological 

innovation while preserving educational values [39-41]. Similar multidimensional approaches to measuring AI-related 

concerns have emerged in other disciplines, as evidenced by the FAME scale [48], which examines Fear, Anxiety, Mistrust, 

and Ethical issues related to generative AI integration among health sciences students. Both scales recognize that responses 

to AI technologies in educational contexts extend beyond simple acceptance or rejection to encompass nuanced psychological 

and ethical dimensions. 

The emergence of Awareness of Misuse Risks as a distinct factor highlights the importance of metacognitive 

understanding regarding AI limitations and ethical boundaries. This dimension resonates with algorithm vigilance 

frameworks proposed by Klimova et al. [33], which emphasize continuous critical evaluation of AI systems in educational 

contexts. The strong factor loadings for items related to understanding bias reproduction, factual inaccuracies, and plagiarism 

detection circumvention suggest that awareness of these risks constitutes a fundamental component of ethical AI use. This 

finding extends previous research by Cai et al. [1] and Zhou et al. [2] by empirically demonstrating that risk awareness 

represents a distinct cognitive dimension rather than merely a subset of general ethical considerations. 

The Academic Writing Support factor represents a novel contribution to the literature by specifically addressing the 

legitimate academic applications of AI tools. This aligns with recent evidence showing positive educational outcomes from 

AI applications in language learning contexts [4]. Previous research has often focused predominantly on misconduct 

prevention rather than constructive implementation [21, 22]. The identification of this dimension empirically validates the 

theoretical position that ethical AI use involves not just avoiding misuse but actively leveraging AI capabilities to enhance 

learning outcomes within appropriate boundaries [3, 4]. This finding suggests that comprehensive academic integrity 

frameworks should explicitly acknowledge and provide guidelines for appropriate AI assistance in academic workflows. 

From a practical perspective, the validated scale offers educational institutions a reliable assessment tool for evaluating 

ethical AI use among postgraduate students. The scale’s multidimensional structure allows for nuanced measurement across 

different aspects of AI integration, potentially informing targeted interventions and policy development. For instance, lower 

scores on the Ethical Use dimension might indicate a need for clearer institutional guidelines and explicit instruction on 

appropriate AI attribution practices [41]. Similarly, deficiencies in the Awareness of Misuse Risks dimension could signal the 

importance of educational initiatives focused on critical evaluation of AI-generated content [33]. Such targeted approaches 

represent a significant advancement over generalized academic integrity policies that may not adequately address the unique 

challenges presented by AI technologies [15, 16]. 

The scale’s validation in the Egyptian higher education context provides valuable insights regarding the cultural 

dimensions of AI ethics in academic settings. These contextual insights are particularly relevant given the recent 

transformations in higher education research practices following global disruptions such as the COVID-19 pandemic [49] 

which has reshaped how faculty and students approach academic work and research production. The consistently high mean 

scores across items (ranging from 3.390 to 4.046 on a 5-point scale) suggest generally positive perceptions regarding ethical 

AI use among Egyptian postgraduate students. This finding contrasts with some international studies reporting ambivalent 

or negative attitudes toward AI integration in higher education [12, 14]. The relatively high scores on items related to 

following institutional guidelines and consulting academic sources indicate a strong orientation toward authority and 

established norms, potentially reflecting cultural values prevalent in Egyptian educational institutions. These contextual 

insights highlight the importance of considering cultural factors when developing academic integrity frameworks in diverse 

educational settings. 

The demographic composition of our samples further enriches the understanding of ethical AI use across different student 

populations. The balanced representation of academic levels (diploma, master's, and doctoral programs) allows for 

meaningful comparisons that could inform level-specific interventions. Similarly, the substantial participation from both 

urban and rural backgrounds (approximately 30% urban and 70% rural) provides valuable insights into potential geographical 

disparities in AI access and utilization. Future research could explore whether these demographic factors moderate 

relationships between scale dimensions and relevant educational outcomes, such as academic performance and integrity 

violations. 

Despite its significant contributions, this study has several limitations that warrant acknowledgment. First, the cross-

sectional design precludes causal inferences about the relationships between scale dimensions and behavioral outcomes. 

Longitudinal studies would be valuable for assessing the predictive validity of the scale regarding actual ethical AI use over 

time. Second, the reliance on self-report measures introduces potential social desirability bias, particularly concerning 
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sensitive academic integrity issues. Future research might incorporate behavioral measures or scenario-based assessments to 

complement self-report data. Additionally, while the sample size was robust for psychometric analysis, all participants were 

recruited from Egyptian institutions, potentially limiting generalizability to other cultural and educational contexts. 

These limitations suggest several promising directions for future research. Cross-cultural validation studies would help 

establish the scale's applicability across diverse educational settings and identify potential cultural variations in ethical AI 

conceptualizations. Longitudinal research designs could examine how ethical AI attitudes and behaviors evolve over the 

course of postgraduate education and in response to institutional interventions. Mixed-methods approaches incorporating 

qualitative interviews or focus groups would provide deeper insights into students' decision-making processes regarding AI 

use in academic contexts. Finally, extending the scale to undergraduate populations would facilitate comprehensive 

assessment across all levels of higher education. 

The development and validation of the AI Academic Integrity Scale address a critical gap in the literature regarding 

measurement tools for ethical AI use in higher education. As AI technologies continue to transform educational practices, 

empirically validated assessment instruments become increasingly essential for maintaining academic integrity while 

maximizing the benefits of technological innovation. The three-factor structure identified in this study, encompassing ethical 

use principles, risk awareness, and appropriate academic applications, provides a comprehensive framework for 

understanding and evaluating postgraduate students' engagement with AI technologies. This multidimensional 

conceptualization moves beyond simplistic notions of academic misconduct toward a more nuanced understanding that 

acknowledges both the challenges and opportunities presented by AI in educational contexts. By providing a reliable and 

valid assessment tool, this research contributes to the development of evidence-based policies and interventions that foster 

responsible AI integration within academic communities. 

 

References 
[1] L. Cai, M. M. Msafiri, and D. Kangwa, "Exploring the impact of integrating AI tools in higher education using the Zone of 

Proximal Development," Education and Information Technologies, vol. 30, no. 6, pp. 7191-7264, 2025.  

https://doi.org/10.1007/s10639-024-13112-0 

[2] X. Zhou, J. Zhang, and C. Chan, "Unveiling students' experiences and perceptions of Artificial Intelligence usage in higher 

education," Journal of University Teaching and Learning Practice, vol. 21, no. 6, pp. 126-145, 2024.  

https://doi.org/10.53761/xzjprb23 

[3] N. A. Dahri et al., "Investigating AI-based academic support acceptance and its impact on students’ performance in Malaysian 

and Pakistani higher education institutions," Education and Information Technologies, vol. 29, no. 14, pp. 18695-18744, 2024.  

https://doi.org/10.1007/s10639-024-12599-x 

[4] I. Al-Shallakh and M. Ahmad, "Embedding artificial intelligent applications in higher educational institutions to improve 

students' pronunciationPerformance," Theory & Practice in Language Studies, vol. 14, no. 6, 2024.  

https://doi.org/10.17507/tpls.1406.31 

[5] A. Arowosegbe, J. Alqahtani, and T. Oyelade, "Perception of generative AI use in UK higher education," Front. Educ, vol. 9, p. 

1463208, 2024.  https://doi.org/10.3389/feduc.2024.1463208 

[6] P. Cui and B. Alias, "Opportunities and challenges in higher education arising from AI: A systematic literature review (2020–

2024)," J. Infrastructure Policy Dev, vol. 8, no. 11, p. 8390, 2024.  https://doi.org/10.24294/jipd.v8i11.8390 

[7] A. Artyukhov, T. Wołowiec, N. Artyukhova, S. Bogacki, and T. Vasylieva, "SDG 4, academic integrity and artificial intelligence: 

Clash or win-win cooperation?," Sustainability, vol. 16, no. 19, p. 8483, 2024.  https://doi.org/10.3390/su16198483 

[8] S. Nikolic et al., "A systematic literature review of attitudes, intentions and behaviours of teaching academics pertaining to AI 

and generative AI (GenAI) in higher education: An analysis of GenAI adoption using the UTAUT framework," Australasian 

Journal of Educational Technology, vol. 40, no. 6, pp. 56–75, 2024.  https://doi.org/10.14742/ajet.9643 

[9] W. Ali, "Consensus or controversy: Examining AI's impact on academic integrity, student learning, and inclusivity within higher 

education environments," in Proc. 2nd Int. Conf. Cyber Resilience (ICCR), 2024, pp. 1–5. 

https://doi.org/10.1109/ICCR61006.2024.10532968, 2024.  

[10] A. Fošner, "University students’ attitudes and perceptions towards ai tools: Implications for sustainable educational practices," 

Sustainability, vol. 16, no. 19, p. 8668, 2024.  https://doi.org/10.3390/su16198668 

[11] A. R. Malik, Y. Pratiwi, K. Andajani, I. W. Numertayasa, S. Suharti, and A. Darwis, "Exploring artificial intelligence in academic 

essay: Higher education student's perspective," International Journal of Educational Research Open, vol. 5, p. 100296, 2023.  

https://doi.org/10.1016/j.ijedro.2023.100296 

[12] M. Imran, N. Almusharraf, M. S. Abdellatif, and M. Y. Abbasova, "Artificial intelligence in higher education: Enhancing learning 

systems and transforming educational paradigms," Int. J. Interactive Mobile Technol, vol. 18, no. 18, pp. 34–48, 2024.  

https://doi.org/10.3991/ijim.v18i18.49143 

[13] L. Gustilo, E. Ong, and M. R. Lapinid, "Algorithmically-driven writing and academic integrity: exploring educators' practices, 

perceptions, and policies in AI era," International Journal for Educational Integrity, vol. 20, no. 1, p. 3, 2024.  

https://doi.org/10.1007/s40979-024-00153-8 

[14] B. B. Khatri and P. D. Karki, "Artificial intelligence (AI) in higher education: Growing academic integrity and ethical concerns," 

Nepalese Journal of Development and Rural Studies, vol. 20, no. 01, pp. 1-7, 2023.  https://doi.org/10.3126/njdrs.v20i01.64134 

[15] A. C. Niloy et al., "AI chatbots: A disguised enemy for academic integrity?," International Journal of Educational Research 

Open, vol. 7, p. 100396, 2024.  https://doi.org/10.1016/j.ijedro.2024.100396 

[16] M. Perkins, "Academic Integrity considerations of AI Large Language Models in the post-pandemic era: ChatGPT and beyond," 

Journal of University Teaching and Learning Practice, vol. 20, no. 2, pp. 1-24, 2023.  https://doi.org/10.53761/1.20.02.07 

[17] G. Currie, C. Singh, T. Nelson, C. Nabasenja, Y. Al-Hayek, and K. Spuur, "ChatGPT in medical imaging higher education," 

Radiography, vol. 29, no. 4, pp. 792-799, 2023.  https://doi.org/10.1016/j.radi.2023.05.011 

[18] M. Perkins, J. Roe, D. Postma, J. McGaughran, and D. Hickerson, "Game of Tones: Faculty detection of GPT-4 generated content 

in university assessments," arXiv preprint arXiv:2305.18081, 2023.  https://doi.org/10.1007/s10805-023-09492-6 

https://doi.org/10.1007/s10639-024-13112-0
https://doi.org/10.53761/xzjprb23
https://doi.org/10.1007/s10639-024-12599-x
https://doi.org/10.17507/tpls.1406.31
https://doi.org/10.3389/feduc.2024.1463208
https://doi.org/10.24294/jipd.v8i11.8390
https://doi.org/10.3390/su16198483
https://doi.org/10.14742/ajet.9643
https://doi.org/10.1109/ICCR61006.2024.10532968
https://doi.org/10.3390/su16198668
https://doi.org/10.1016/j.ijedro.2023.100296
https://doi.org/10.3991/ijim.v18i18.49143
https://doi.org/10.1007/s40979-024-00153-8
https://doi.org/10.3126/njdrs.v20i01.64134
https://doi.org/10.1016/j.ijedro.2024.100396
https://doi.org/10.53761/1.20.02.07
https://doi.org/10.1016/j.radi.2023.05.011
https://doi.org/10.1007/s10805-023-09492-6


 
 

               International Journal of Innovative Research and Scientific Studies, 8(4) 2025, pages: 707-715
 

714 

[19] E. D. O. Okaibedi, "ChatGPT and the rise of generative AI: Threat to academic integrity?," Journal of Responsible Technology, 

vol. 13, p. 100060, 2023.  https://doi.org/10.1016/j.jrt.2023.100060 

[20] E. D. L. Evangelista, "Ensuring academic integrity in the age of ChatGPT: Rethinking exam design, assessment strategies, and 

ethical AI policies in higher education," Contemporary Educational Technology, vol. 17, no. 1, p. ep559, 2025.  

https://doi.org/10.30935/cedtech/15775 

[21] V. Kumar and R. Raman, "Student perceptions on artificial intelligence (AI) in higher education," in Proc. IEEE Integrated 

STEM Education Conf. (ISEC), Princeton, NJ, USA, Mar. 2022, pp. 450–454. 

https://doi.org/10.1109/ISEC54952.2022.10025165, 2022.  

[22] K. K. Jain and J. Raghuram, "Gen-AI integration in higher education: Predicting intentions using SEM-ANN approach," 

Education and Information Technologies, vol. 29, no. 13, pp. 17169-17209, 2024.  https://doi.org/10.1007/s10639-024-12506-4 

[23] J. Dempere, "The impact of ChatGPT on higher education," Front. Educ, vol. 8, p. 1206936, 2023.  

https://doi.org/10.3389/feduc.2023.1206936 

[24] S. Salih, O. Husain, M. Hamdan, S. Abdelsalam, H. Elshafie, and A. Motwakel, "Transforming education with ai: A systematic 

review of chatgpt's role in learning, academic practices, and institutional adoption," Results in Engineering, p. 103837, 2024.  

https://doi.org/10.1016/j.rineng.2024.103837 

[25] S. Kumar, P. Rao, S. Singhania, S. Verma, and M. Kheterpal, "Will artificial intelligence drive the advancements in higher 

education? A tri-phased exploration," Technological Forecasting and Social Change, vol. 201, p. 123258, 2024.  

https://doi.org/10.1016/j.techfore.2024.123258 

[26] T. Adiguzel, M. H. Kaya, and F. K. Cansu, "Revolutionizing education with AI: Exploring the transformative potential of 

ChatGPT," Contemporary Educational Technology, vol. 15, no. 3, 2023.  https://doi.org/10.30935/cedtech/13152 

[27] L. Mohebi, "Empowering learners with ChatGPT: Insights from a systematic literature exploration," Discover Education, vol. 3, 

no. 1, p. 36, 2024.  https://doi.org/10.1007/s44217-024-00120-y 

[28] S. Venkatraman, S. Bamrah, and G. Arulraj, "Exploration of the use of conversational text-based AI tools for academic teachers: 

A use case and study," in Proc. 1st Int. Conf. Pioneering Developments in Computer Science & Digital Technologies (IC2SDT), 

2024, pp. 192–197. https://doi.org/10.1109/IC2SDT62152.2024.10696651, 2024.  

[29] W. Holmes et al., "Ethics of AI in education: Towards a community-wide framework," International Journal of Artificial 

Intelligence in Education, pp. 1-23, 2022.  https://doi.org/10.1007/s40593-021-00239-1 

[30] C. Huang, Z. Zhang, B. Mao, and X. Yao, "An overview of artificial intelligence ethics," IEEE Transactions on Artificial 

Intelligence, vol. 4, no. 4, pp. 799-819, 2022.  https://doi.org/10.1109/TAI.2022.3194503 

[31] Z. Lin, "Why and how to embrace AI such as ChatGPT in your academic life," Royal Society Open Science, vol. 10, no. 8, p. 

230658, 2023.  https://doi.org/10.1098/rsos.230658 

[32] C. Kooli, "Chatbots in education and research: A critical examination of ethical implications and solutions," Sustainability, vol. 

15, no. 7, p. 5614, 2023.  https://doi.org/10.3390/su15075614 

[33] B. Klimova, M. Pikhart, and J. Kacetl, "Ethical issues of the use of AI-driven mobile apps for education," Frontiers in Public 

Health, vol. 10, p. 1118116, 2023.  https://doi.org/10.3389/fpubh.2022.1118116 

[34] P. A. Christou, "How to use artificial intelligence (AI) as a resource, methodological and analysis tool in qualitative research?," 

Qualitative Report, vol. 28, no. 7, pp. 1968-1980, 2023.  https://doi.org/10.46743/2160-3715/2023.6406 

[35] N. F. Ugwu et al., "Clarifying ethical dilemmas in using artificial intelligence in research writing: A rapid review," Higher 

Learning Research Communications, vol. 14, no. 2, pp. 29-47, 2024.  https://doi.org/10.18870/hlrc.v142.1549 

[36] R. W. Gregory and S. Narang, "AI for learning unleashed: Pioneering generative AI in education at the University of Miami," 

Journal of Information Technology Teaching Cases, p. 20438869241266258, 2024.  

https://doi.org/10.1177/20438869241266258 

[37] S. Gore and E. Dove, "Ethical considerations in the use of artificial intelligence in counselling and psychotherapy training: A 

student stakeholder perspective—A pilot study," Counselling and Psychotherapy Research, vol. 25, no. 1, p. e12770, 2025.  

https://doi.org/10.1002/capr.12770 

[38] A. A. Funa and R. A. E. Gabay, "Policy guidelines and recommendations on AI use in teaching and learning: A meta-synthesis 

study," Social Sciences & Humanities Open, vol. 11, p. 101221, 2025.  https://doi.org/10.1016/j.ssaho.2024.101221 

[39] D. Huang, Y. Huang, and J. J. Cummings, "Exploring the integration and utilisation of generative AI in formative e-assessments: 

A case study in higher education," Australasian Journal of Educational Technology, vol. 40, no. 4, pp. 1-19, 2024.  

https://doi.org/10.14742/ajet.9467 

[40] P. Lentz, "Ethical authorship and moral motivation: The key to ethical AI use," Business and Professional Communication 

Quarterly, vol. 87, no. 4, pp. 592-609, 2024.  https://doi.org/10.1177/23294906241259153 

[41] S. Moore and K. Lookadoo, "Communicating clear guidance: Advice for generative AI policy development in higher education," 

Business and Professional Communication Quarterly, vol. 87, no. 4, pp. 610-629, 2024.  

https://doi.org/10.1177/23294906241254786 

[42] T. Ashford, "App-centric students and academic integrity: A proposal for assembling socio-technical responsibility," Journal of 

Academic Ethics, vol. 19, no. 1, pp. 35-48, 2021.  https://doi.org/10.1007/s10805-020-09387-w 

[43] M. Ashok, R. Madan, A. Joha, and U. Sivarajah, "Ethical framework for artificial intelligence and digital technologies," 

International Journal of Information Management, vol. 62, p. 102433, 2022.  https://doi.org/10.1016/j.ijinfomgt.2021.102433 

[44] O. Ferrell, D. E. Harrison, L. K. Ferrell, H. Ajjan, and B. W. Hochstein, "A theoretical framework to guide AI ethical decision 

making," AMS Review, vol. 14, no. 1, pp. 53-67, 2024.  https://doi.org/10.1007/s13162-024-00275-9 

[45] M. A. Vetter, B. Lucia, J. Jiang, and M. Othman, "Towards a framework for local interrogation of AI ethics: A case study on 

text generators, academic integrity, and composing with ChatGPT," Computers and composition, vol. 71, p. 102831, 2024.  

https://doi.org/10.1016/j.compcom.2024.102831 

[46] C. Hill and J. Hargis, "An ethics module on academic integrity and generative AI," New Directions for Teaching and Learning, 

2024.  https://doi.org/10.1002/tl.20626 

[47] T. Rasul et al., "Enhancing academic integrity among students in GenAI Era: A holistic framework," The International Journal 

of Management Education, vol. 22, no. 3, p. 101041, 2024.  https://doi.org/10.1016/j.ijme.2024.101041 

[48] M. Sallam, "Apprehension toward generative artificial intelligence in healthcare: A multinational study among health sciences 

students," Front. Educ, vol. 10, p. 1542769, 2025.  https://doi.org/10.3389/feduc.2025.1542769 

https://doi.org/10.1016/j.jrt.2023.100060
https://doi.org/10.30935/cedtech/15775
https://doi.org/10.1109/ISEC54952.2022.10025165
https://doi.org/10.1007/s10639-024-12506-4
https://doi.org/10.3389/feduc.2023.1206936
https://doi.org/10.1016/j.rineng.2024.103837
https://doi.org/10.1016/j.techfore.2024.123258
https://doi.org/10.30935/cedtech/13152
https://doi.org/10.1007/s44217-024-00120-y
https://doi.org/10.1109/IC2SDT62152.2024.10696651
https://doi.org/10.1007/s40593-021-00239-1
https://doi.org/10.1109/TAI.2022.3194503
https://doi.org/10.1098/rsos.230658
https://doi.org/10.3390/su15075614
https://doi.org/10.3389/fpubh.2022.1118116
https://doi.org/10.46743/2160-3715/2023.6406
https://doi.org/10.18870/hlrc.v142.1549
https://doi.org/10.1177/20438869241266258
https://doi.org/10.1002/capr.12770
https://doi.org/10.1016/j.ssaho.2024.101221
https://doi.org/10.14742/ajet.9467
https://doi.org/10.1177/23294906241259153
https://doi.org/10.1177/23294906241254786
https://doi.org/10.1007/s10805-020-09387-w
https://doi.org/10.1016/j.ijinfomgt.2021.102433
https://doi.org/10.1007/s13162-024-00275-9
https://doi.org/10.1016/j.compcom.2024.102831
https://doi.org/10.1002/tl.20626
https://doi.org/10.1016/j.ijme.2024.101041
https://doi.org/10.3389/feduc.2025.1542769


 
 

               International Journal of Innovative Research and Scientific Studies, 8(4) 2025, pages: 707-715
 

715 

[49] S. S. Badrakhan, J. T. Hussein, O. Al Rawashdeh, and T. S. M. Haimur, "The repercussions of the COVID-19 pandemic on the 

research production of faculty members at Jordanian universities," Dirasat: Human Social Sci, vol. 51, no. 4, pp. 78–94, 2024.  

https://doi.org/10.35516/hum.v51i4.4185 
 

 

https://doi.org/10.35516/hum.v51i4.4185

