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Abstract 

Artificial intelligence (AI) is increasingly utilized in different industries, particularly financial services, where it handles 

functions traditionally performed by humans, yet a significant gap exists in understanding its real-world applications in 

corporate reporting. This research purposes to contribute to the financial process and finance literature by reviewing 

comprehensively how previous literature have addressed the topic of Artificial Intelligence and its Applications in financial 

process and Finance. This study aims to address these gaps through conducting a bibliometric analysis, focusing on peer-

reviewed articles from 2010 to 2024. The study's findings highlighted a marked increase in research output, particularly 

during the COVID-19 pandemic, highlighting the integration of AI in financial and financial process research by enhancing 

accuracy and reducing errors in financial reporting. The analysis highlighted a collaborative effort among researchers, 

primarily from China and the United States, for the advancements in this field. AI dominates financial process and finance 

research, with key terms like machine learning, blockchain, big data, and deep learning highlighting a multidisciplinary 

approach to enhance efficiency and decision-making. However, challenges such as data protection and ethical 

considerations remain prevalent. The findings and discussions emphasized the need for new regulatory frameworks and 

skill development for professionals to adapt to these technological changes. Future research should explore the implications 

of AI on corporate governance and accountability, providing a way for innovative practices in the industry. This study 

contributed valuable insights into AI's transformative potential, providing practitioners and policymakers with knowledge 

to navigate the evolving landscape of finance and Financial Process. 
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1. Introduction 

AI is widely adopted in various industries, mainly financial services, where it performs tasks traditionally handled by 

humans. AI excels in processing large volumes of data, identifying fraud, and interacting with customers online [1]. AI is a 

highly dynamic and topical field in the Finance sector, bringing significant changes to the way financial institutions 

conduct their business. The rise of FinTech is a significant shift in the financial sector, combining technology with 

sustainable practices. Fintech continues to advance rapidly. In the era of AI, central banks are embracing and overseeing 

the new landscape. According to Fintech Benchmarks 2024, more than half (56.8%) of these institutions reported using 

machine learning and AI tools, a slight increase from 51.4% the previous year. Monetary policy is one of the most 

important areas where AI is being applied. This progressive change signals a gradual adaptation to new financial 

technologies and a shift towards efficiency and innovation among central banks [2] including upper-middle-income central 

banks. Moreover, it involves using technological advancements to offer financial services [3] with effective IT governance 

playing a crucial role in integrating FinTech and enhancing sustainability outcomes [4, 5]. The Financial Stability Board's 

study highlights AI's role in regulatory enforcement, oversight, and improving data quality for both public and private 

organizations [6]. Consequently, this technology revolutionizes fraud detection and enhances operational efficiency across 

the financial sector [7]. As AI tools improve, organizations can more effectively manage their operations, reduce human 

error, and optimize customer service experiences  [8-10] contributing to the overall transformation of the industry. This 

shift enables businesses to adapt to the increasing demands of a digital and data-driven environment, where automation is 

pivotal in driving growth and operational excellence [8, 9]. 

According to statistical data, it is estimated that by 2027, global spending on AI could reach around US$450 billion, 

with the Finance sector expected to contribute around 13% of this amount. This investment could generate between 

US$200 billion and US$340 billion annually, representing a 9% to 15% increase in Finance operating profits. The 

accelerating impact of the digitalization of Finance services, already exacerbated by the COVID-19 pandemic, has 

dramatically changed the financial landscape [11]. The dramatic increase in the use of digital services raises questions 

about the gaps in the skills and knowledge of the general population and those who provide these services [12]. The 

evolution of process software and the development of AI have significantly transformed financial process systems. 

However, studies showed that the integration of internet-based technologies, expert systems, and AI have positively 

impacted the efficiency of Financial process  [8, 13, 14]. The increasing use of blockchain technology and cryptocurrency 

acceptance also enhances transactional and account security [15]. As digital assistants and AI applications continue to 

evolve through cognitive computing, they are becoming more effective at handling complex Financial process  tasks [14, 

16]. This shift is  expected to reduce errors, increase productivity, and allow Financial process  professionals to focus on 

more strategic, high-level responsibilities [17, 18]. Consequently, AI is reshaping the financial process industry, enabling 

more accurate financial reporting and auditing while fostering innovation [19-21]. 

AI in Financial process frees staff to focus on strategic tasks, improving performance and productivity. Recent 

innovations include AI-powered robots and advanced software [22-24]. AI adoption is revolutionizing business by 

enhancing efficiency, accuracy [25, 26] and adaptability in Financial process , pushing boundaries and making the industry 

more agile and adaptable to technological changes [27, 28]. Moreover, AI algorithms are becoming increasingly 

sophisticated, offering new capabilities for the financial sector as computing power advances [16, 29, 30]. These algorithms 

are widely used in investment management, algorithmic trading, fraud detection, and underwriting loans and insurance 

[31]. However, AI's ability to analyze vast amounts of data in real-time allows regulators to detect non-compliance and 

fraudulent activities more efficiently [32, 33]  while this evolution transforms how financial transactions are supervised, 

requiring regulators to develop new skills to keep up with these advancements [12, 34]. As AI continues to reshape the 

financial industry, it is expected to drive further innovation, enhance compliance, and streamline financial operations for 

companies and regulators [35]. 

Financial process  and finance have become critical components of economic development, influencing national 

economies and individual businesses [36, 37]. Financial process  serves as a critical source of information for stakeholders 

[38] guiding decision-making and reflecting the fiduciary responsibilities of managers [39, 40]. AI is revolutionizing the 

financial process industry by automating repetitive tasks and applying data-driven techniques, reducing errors and 

improving decision-making, despite the challenges posed by traditional methods [41-43]. 

AI has become a dominant technology since the 2010s, providing significant opportunities for the Financial process  

and finance sectors [44-46]. AI enhances how companies manage their finances by optimizing business processes and 

improving operational efficiency [47]. Machine Learning (ML) models, in particular, provide the computational power and 

flexibility needed to analyze complex data patterns, supporting more accurate and data-driven analyses [45, 48, 49]. AI is 

revolutionizing Financial process  and finance, enabling businesses to make informed financial decisions based on vast 
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data, offering a competitive edge in the industry [23]. Figure 1 highlights the diverse role of AI in Financial process and 

Finance in this digital era. 

 

 
Figure 1.  

Role of AI in Financial process and Finance. 
 

The rapid advancement of AI and digital technologies has led to a significant gap in understanding how these 

innovations transform corporate reporting. Existing studies explore the potential benefits of AI in financial reporting [22, 

50], but few have comprehensively examined its real-world application across diverse industries [51, 52]. Thus, the recent 

development of various AI technologies, such as machine learning, deep learning, neural networks, natural language 

processing, reinforcement learning, and robotic process automation, has greatly amplified the capabilities of AI decision-

making algorithms. This gap leaves unanswered questions about how AI is reshaping reporting standards, accuracy, and 

organizational decision-making processes. This paper aims to bridge this gap by conducting a bibliometric analysis, 

identifying key trends and emerging areas within AI-driven corporate reporting, and enhancing the analysis with real-world 

data by incorporating insights from industry reports and scholarly publications [22, 50]. The study's unique approach 

combines academic insights with industry trends, offering a comprehensive view of how AI and digital technologies 

influence corporate reporting practices and fresh perspectives on the future landscape of AI-driven finance and financial 

process systems. The following are the research questions of this analysis. 

RQ1. What are the key features of literature that explore the intersection of artificial AI, technology, and financial 

process and Finance? 

RQ3. How have different authors evolved in examining the integration of AI and technology within financial process 

and Finance? 

RQ2. What are the most prominent themes and topics discussed in the existing literature on AI and technological 

advancements in financial process and Finance? 

RQ4. What are the key theoretical frameworks and technical approaches utilized in this field, and how do they 

influence current research trends?  

RQ5. What are the potential theoretical and practical implications for future research in AI, technology, and their 

applications in financial process and Finance?  

The novelty of this research relates to the exemplary approach to evaluating the changes caused by AI technologies in 

financial process and finance [53]. Using a bibliometric analysis, the study provides insights into the trends, new topics of 

interest, and researchers' collaboration throughout 2010-2024, with particular emphasis on the COVID-19 period. Besides, 

Alqudah, et al. [54] this analysis not only focuses on the benefits of AI in improving the effectiveness and accuracy of 

operational corporate reporting but also the ethical and the regulatory problems with using AI [47, 55]. In addition, this 

paper combines academic and practitioner opinions regarding the influence of AI in financial practices, giving it a 

comprehensive approach. The study raises more questions for future research on the impact of AI on regulations and 
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corporate governance and thus provides important insights into practitioners and policymakers practicing in this field [56]. 

This study significantly contributes to understanding AI's potential to revolutionize financial process and finance by 

bridging the gap between theoretical frameworks and real-world applications. 

According to a survey 77% of Finance professionals believe that the ability to harness the potential of AI will be the 

deciding factor between the success and failure of Finance institutions [57]. In another survey, it was found that 80% of 

retail Finance executives believe that generative AI represents a major advance in AI technologies [58]. However, only 6% 

of commercial banks have implemented an enterprise-wide AI-powered transformation strategy. This discrepancy between 

perception and action may indicate either a misunderstanding of the true potential of the technology or challenges in 

implementing it in practice. 

 

2. Methodology 
A bibliometric analysis was conducted to ensure the analysis of high-ranking academic scholarly works. The 

methodology comprised the following phases to ensure the reliability of the research analysis. The search for relevant 

academic papers was performed using leading academic databases, including Web of Science, Scopus, and Google Scholar. 

To ensure comprehensive coverage, a range of keywords were employed, such as "AI in corporate reporting," "blockchain 

in finance," "digital transformation in financial process," and "machine learning in financial auditing." Boolean operators 

("AND," "OR") were applied to broaden or narrow the search scope as necessary. Studies published between 2010-2024 

were included, focusing on papers that examined the intersection of AI, blockchain, and digital technologies within the 

financial process and finance sectors. 

 

2.1. Inclusion/Exclusion Criteria 

2.1.1. Inclusion Criteria 

• Peer-reviewed journal articles. 

• Papers were published between 2010 and 2024. 

• Studies focused on corporate reporting, digital technologies, and AI applications in financial process or finance. 

• Papers discuss the impact of technologies like blockchain, machine learning, or cognitive computing. 

 

2.1.2. Exclusion Criteria 

• Non-peer-reviewed articles, editorials, or opinions. 

• Papers published before 2010. 

• Studies unrelated to digital technologies in the financial domain or lacking substantial empirical evidence. 

• Duplicates, conference papers without proceedings, and non-English papers. 

 

2.2. Analysis of Included Studies  

The analysis of previous research reveals a diverse range of methodologies applied in the intersection of AI and 

Financial process & Finance. As shown in Figure 2, 35% of the studies employed qualitative methods, 26% used 

quantitative approaches, and 21% were conceptual in nature. A smaller portion (8%) utilized bibliometric analysis. The 

analysis of previous studies as shown in Figure 3 highlighted that the dominant research areas include AI in financial 

reporting (23%), auditing and disclosure (20%), and financial risk prediction (17%). Other notable areas include AI in 

Financial process and automation (14%) and AI in education and curriculum integration (9%). In this study, the method of 

bibliometric analysis has been chosen for its ability to systematically evaluate large volumes of literature, providing 

quantitative insights into research trends, influential works, and collaboration networks. This method is particularly 

significant for understanding the evolving integration of technology, AI, and financial practices, as it uncovers hidden 

patterns and research gaps. By using this approach, we aim to offer a comprehensive overview of the field and guide future 

research trajectories. 
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Figure 2.  
Methodological Application of AI Research in Financial process and Finance. 

 

 
Figure 3.  
Research Areas of Included Studies. 

 

The data was collected from Dimensions, The Lens and Scopus. Datasets of most cited papers, influential authors, 

leading journals, and critical topics were extracted. Bibliometric data focused on publications relevant to AI in Financial 

process and finance since 2010-2024. The program, www.vosviewer.com, is a widely used tool in bibliometric to illustrate 

knowledge structure and research dynamics. It is free and allows academics to study bibliometric maps from multiple 

perspectives. Its color visualization aids in easy identification of clusters and is user-friendly. However, most computer 

tools for bibliometric mapping struggle to display such maps well, as noted by Eck and Waltman [59]. VOS-viewer was 

employed to visually represent bibliographic data, such as co-citation networks, co-authorship relationships, country 

analysis, and keyword co-occurrence patterns. The following are the significance of bibliometric analysis that has included 

Co-citation networks to identify clusters of frequently cited journals and authors, keyword co-occurrence to explore the 

most popular research themes and their interrelationships, co-author networks to reveal patterns of collaboration between 

scholars and institutions, and country analysis to identify clusters of the most active states in the research of AI in Financial 

process and Finance. These visualizations demonstrate the intellectual structure of the research field and highlight emerging 
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trends and dominant research streams. The method of using VoS and its analysis has been represented in Figure 4 while the 

overall framework of the study is represented in Figure 5. 

 

 
Figure 4.  

Process of VoS Viewer Analysis. 

 

 
Figure 5.  

Study Framework. 

 

3. Results  
RQ1. What are the key features of the literature that explore the intersection of artificial AI, technology, and financial 

process and finance? 
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The literature exploring the intersection of AI, technology, Financial Process, and finance highlights several key 

features to answer the first research question. A central theme was adopting AI-driven tools like machine learning, robotic 

process automation (RPA), and natural language processing (NLP), transforming traditional Financial process  functions 

like auditing, financial reporting, and decision-making [60, 61]. These technologies enabled the automation of routine 

tasks, improved the accuracy of data processing, and provided predictive analytics for financial forecasting. Another 

significant area of focus was AI's impact on auditing and fraud detection, with studies examining how AI enhances real-

time monitoring, anomaly detection, and fraud identification, thereby increasing the reliability of financial data while 

reducing human error [62-64]. 

Additionally, the literature highlighted the changing skill requirements for financial process professionals due to 

technological disruption. As AI and advanced technologies become more integrated into financial operations, accountants 

need to possess skills in data analytics, technology literacy, and strategic thinking [65, 66] but this shift also underscores 

the need for continuous professional development to adapt to these technological changes [67]. However, ethical and 

regulatory concerns were also prevalent in the literature, particularly regarding AI decision-making transparency, potential 

algorithm biases, and accountability for AI-driven errors [68, 69]. Researchers highlighted the evolving regulatory 

landscape and the need for new standards to govern AI's role in financial practices [70]. 

Another feature of the literature was the integration of AI with blockchain technology, especially in the context of 

financial process and auditing. With AI's data analysis capabilities, block chain’s secure, immutable ledgers offer enhanced 

transaction verification and improved financial data security [71-73]. The literature frequently discussed the efficiency 

gains brought about by AI, including cost reduction, improved speed, and higher quality in financial analysis, forecasting, 

and risk assessment [74, 75]. However, challenges such as data privacy, the high cost of AI implementation, integration 

difficulties, and resistance to change are common themes [76, 77]. Lastly, many studies employed bibliometric analyses to 

track the evolution of research in this field, identifying key authors, influential papers, and emerging subfields. This 

provided insights into the development and maturity of research at the intersection of AI, technology, and Financial process 

and finance [15, 78, 79]. 

 

3.1. Publication Trend Analysis 

The graph in Figure 5 highlighted a significant rise in research related to the synergy of technology, artificial 

intelligence, and financial process and finance from 2010 to 2024. This trend is likely influenced by several factors, 

including advancements in AI technology, increased accessibility of AI tools, and a growing recognition of their 

transformative potential in the financial process and finance sectors. However, the COVID-19 pandemic may have played a 

role in shaping this trend. The pandemic accelerated digital technology adoption in finance, enabling businesses to adapt to 

remote work and social distancing measures, enhancing automation, data analysis, and risk management [80, 81]. This 

increased demand for AI-related capabilities may have increased the research activity in this area. Overall, the graph 

suggested a sustained interest in exploring the intersection of technology, AI, Financial Process, and finance, indicating a 

promising future for research and innovation. 

 

 
Figure 6.  

Publication Trends Analysis. 

 

3.2. Co-Authorship Analysis 

RQ3. How have different authors evolved in examining the integration of AI and technology within financial process 

and Finance? 
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To answer the second research question, the co-authorship analysis of the study in Figure 6 was conducted using 

VOSviewer, which highlighted key collaborations among authors from extracted data on Lens Dimensions and Scopus. 

The visualization shows [82] as the most central figure, connected to several influential authors, including [83] forming 

significant clusters in the network. The analysis reveals distinct collaborations within technology and artificial intelligence 

domains, with authors like [84] contributing to the red cluster. Sharma, et al. [85] represent independent yet connected 

nodes in the blue and green clusters, showcasing their relevance. These strong co-author connections reflect 

interdisciplinary research efforts in this growing field. 

 

 
Figure 7. 
Co-Authorship Analysis. 

 

3.3. Co-Citation Analysis  

The citation analysis in Figure 7 revealed a fluctuating trend in the number of cited scholarly works over the years. 

Between 2010 and 2015, the citation count remained relatively consistent, with moderate fluctuations. However, starting in 

2016, there was a gradual increase in citations, indicating growing scholarly interest. This upward trend continued with a 

significant increase in 2020, where the number of citations reached nearly 10,000, highlighting the highest point in the 

dataset. Following this peak, citations slightly declined but remained relatively high in 2021 and 2022. In 2023, a 

significant decline was observed, while 2024 showed a minimal number of citations, likely due to the early stage of the 

citations analysis. 

 

 
Figure 8.  

Co-citation Analysis Overtime. 
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The co-citation analysis of the study in Figure 8 revealed distinct research clusters. The red cluster, featuring authors 

like Mohamed and Wamba [86] focuses on AI and ML applications in finance. The green cluster, with Wamba, et al. [87] 

explores AI's role in corporate finance and decision-making. The blue cluster addresses ethical and regulatory challenges, 

including [88]. The yellow cluster, with Sarkar and Latan [89] emphasizes digital transformation and FinTech. A smaller 

purple cluster focuses on econometrics in AI. Central figures like [90]. connect these themes, reflecting the evolving 

landscape of AI in Financial process and finance. 

 

 
Figure 9. 

Co-citation Analysis of Authors. 

 

3.4. Analysis of Sources 

The co-citation analysis of sources in Figure 9 highlighted key clusters of journals frequently cited together, indicating 

thematic research areas. The red cluster, featuring journals like "Expert Systems with Applications" and "Knowledge-Based 

Systems", focuses on AI, expert systems, and decision-making in finance. The green cluster, with sources such as "Journal 

of Business Research" and "Technological Forecasting and Social Change", emphasizes the impact of emerging 

technologies on business and information systems. The yellow cluster is anchored by finance journals like "The Journal of 

Finance" and "Journal of Financial Economics". In contrast, the blue clusters, including "Sustainability," "Journal of 

Cleaner Production", and "Energy Economics", focused on the utilization of AI in managing the economic and financial 

status of environmental concerns. These interconnected clusters highlight the interdisciplinary journals comprising high 

research work in AI, Financial process, and finance. 
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Figure 10.  

Analysis of Sources. 

 

3.5. Top Journals Analysis 

The results of the top journals analysis in Figure 10 highlighted a diverse range of publication contributing to the 

integration of technology, AI, and financial process and finance. Journals focused on environmental research, such as the 

International Journal of Environmental Research and Public Health and Environmental Science and Pollution Research, are 

well-represented, reflecting the increasing relevance of sustainable finance. Additionally, significant contributions were 

observed from journals in management information systems, financial innovation, and business research, indicating the 

broad interdisciplinary nature of the field. This distribution highlighted the wide-ranging interest in AI applications across 

various domains, from environmental impacts to financial services and technological innovation, highlighting the synergy 

between these areas in the digital era. 

 

 
Figure 11.  

Top Journals Analysis. 
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3.6. Country Analysis 

The analysis of AI research in financial process and finance revealed significant global disparities in contributions, 

with China, the United States, and the United Kingdom emerging as dominant players. China, with 731 publications, leads 

the field, closely followed by the United States (491) and the United Kingdom (280) (Figure 11). These countries form 

dense collaborative networks, as depicted in the co-authorship visualization in Figure 12, indicating strong research 

partnerships, especially between China and the US. European countries such as France, Germany, and Italy also contribute, 

though to a lesser extent, while emerging economies like India and Brazil showed growing involvement. The global 

distribution map in Figure 13 further highlighted China and the US as the primary hubs of research activity. These findings 

suggest that AI's application in financial process and finance was primarily driven by advanced economies, with the 

potential for increased collaboration and contribution from developing nations. 

 

 
Figure 12.  

Country Analysis for Publications. 

 

 
Figure 13.  

Country Analysis by VOS Viewer. 
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Figure 14.  

Country Map Analysis. 

 

3.7. Top Universities Analysis 

The analysis of top universities in Figure 14 contributing to AI research in financial process and finance revealed a 

density of publications from Chinese institutions. The Chinese Academy of Sciences leads with 40 publications, followed 

closely by Southwestern University of Finance and Economics, which also has 40. Russia's Russian Academy of Sciences 

ranks highly with 39 publications, demonstrating significant regional contribution. Other notable universities include 

Peking University (25) and Renmin University of China (17), reflecting China's dominance in the field. International 

institutions like Columbia University, Harvard University, and the University of Oxford contribute at comparatively lower 

levels. This suggested that while AI research in financial process and finance is globally distributed, Chinese institutions 

are at the forefront of driving academic output in this domain. 

 

 
Figure 15.  

Top Universities Analysis. 

 

3.8. Keyword Analysis 

RQ2. What are the most prominent themes and topics discussed in the existing literature on AI and technological 

advancements in financial process and Finance? 

For the third research question, the keyword analysis of the dataset in Figure 15 showed that the word 'artificial 

intelligence' dominates financial process and finance research, being the most frequently used term in the dataset. 

Surrounding this core, key terms such as "machine learning," "blockchain," "big data," and "deep learning" form 

interconnected clusters, indicating prominent themes in the literature. The red cluster emphasizes technological aspects like 

"automation" and "innovation," while the green cluster focuses on applications like "financial performance" and "risk 

management." This dense network of keywords suggests a multidisciplinary approach, where AI technologies are applied 

to core financial processes, enhancing efficiency and decision-making. The widespread connections between keywords 

highlight the convergence of AI with traditional financial practices in this digital era. 
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Figure 16.  

Keyword Analysis. 

 

This analysis comprised a range of studies on AI and its application across different fields in financial process and 

finance. These papers demonstrate that AI is revolutionizing financial processes across all domains, from increasing 

effectiveness and accuracy to tackling new financial reporting and management issues. For example, Das [24] emphasize 

how AI can enhance the transparency of business reporting and minimize costs linked with financial process mistakes. 

Further, the development of predictive models, as identified by Zhang [9] demonstrates the contribution of AI in enhancing 

audit operations and predicting financial distress, which is central to its significance in enhancing decision-making and 

organizational performance. 

However, it was also acknowledged that applying AI in Financial process and finance comes with several 

considerations. According to Singh, et al. [41] the need for financial professionals to learn new skills and respond to issues 

regarding data protection, ethics, and algorithms' biases is evident. Norzelan, et al. [91] mention that AI technologies are 

also accepted and implemented with different acceptance and implementation issues. Therefore, although AI delivers 

possible improvements in strengthening financial frameworks and decisions, it is vital to practice moderation in promoting 

and applying such advances, coupled with education, policy, and proper ethical thought processes to unlock the 

technology's advantages while overcoming threats. 

 

4. Discussion 
The bibliometric analysis revealed a significant increase in research output related to AI in Financial process and 

finance since 2010, with a significant increase in publications during 2019 and 2020. This reflects a growing recognition of 

AI's potential to revolutionize financial processes, driven by technological advancements and the increasing complexity of 

financial data. The findings suggested that researchers increasingly focus on ML, blockchain, and digital transformation, 

shifting from traditional financial process practices towards more innovative and technology-driven approaches. 

According to the previous literature analysis, various industries have employed AI integration for financial reporting 

and financial process accuracy. The literature analysis of a few organizations is represented in Table 1. 
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Table 1.  

Literature Analysis of Few Organizations. 

Industry Application Description Algorithms Used Reference 

Fraud Detection 

Companies like PayPal and 

MasterCard use AI to analyze 

transaction patterns and detect 

anomalies. 

Decision Trees, Neural 

Networks 

Cho [81] and 

Ghimire, et al. 

[92]  

Automated Bookkeeping 

Firms like Intuit's QuickBooks 

leverage AI to automate data entry 

and reconciliation tasks. 

Machine Learning, Optical 

Character Recognition (OCR) 

Virtanen [93] 

Credit Scoring 

Lenders like ZestFinance utilize AI 

algorithms to assess creditworthiness 

using non-traditional data sources. 

Gradient Boosting Machines 

(GBM), Logistic Regression 

Liuska [94]  

Algorithmic Trading 

Investment firms like Renaissance 

Technologies employ AI for high-

frequency trading strategies. 

Reinforcement Learning, 

LSTM (Long Short-Term 

Memory) 

Angulo, et al. [18] 

and Leitão, et al. 

[95]  

Risk Management 

Banks such as JPMorgan Chase use 

AI to predict and mitigate portfolio 

risks. 

Support Vector Machines 

(SVM), Random Forests 

Swankie and 

Broby [96] 

Financial Forecasting 

Companies like IBM use AI to 

enhance predictive analytics for 

financial performance forecasting. 

Time Series Analysis, ARIMA 

(AutoRegressive Integrated 

Moving Average) 

Chowdhury [97] 

Customer Service 

Automation 

Chatbots powered by AI, like those 

from Bank of America (Erica), assist 

customers with queries. 

Natural Language Processing 

(NLP), Transformers 

Subudhi [98]  

Tax Compliance and 

Planning 

Firms like H&R Block utilize AI to 

optimize tax preparation and 

compliance processes. 

Rule-Based Systems, Machine 

Learning 

Çetin Gerger [99] 

Expense Management 

Applications like Expensify use AI to 

automate expense reporting through 

receipt scanning. 

Image Recognition, Deep 

Learning 

Ooi, et al. [100] 

Auditing Processes 

Companies like Deloitte use AI tools 

to analyze large datasets for audit 

purposes. 

Anomaly Detection 

Algorithms, Neural Networks 

Ucoglu [101] 

 

Additionally, in the past few years, PwC has developed AI-powered audit tools that analyze large datasets to identify 

anomalies and patterns in financial transactions, increasing accuracy and reducing manual review time [102] KPMG has 

implemented blockchain technology to enhance the integrity and transparency of financial reporting, reducing fraud risk 

and enhancing stakeholder trust [103] IBM Watson for Financial Reporting uses natural language processing (NLP) to 

generate comprehensive financial reports [104] while Xero automates bookkeeping tasks, allowing accountants to focus on 

strategic tasks [105]. Moreover, BlackLine's Financial Close Management uses AI to streamline the financial close process 

by automating reconciliations and ensuring compliance with Financial process  standards [106] and Oracle's Adaptive 

Intelligent Apps integrate AI into cloud-based finance applications, enabling real-time analytics and reporting [107]. 

Additionally, SAP's Intelligent Robotic Process Automation (RPA) automates repetitive tasks in financial reporting, 

improving efficiency and freeing finance professionals to focus on analysis [108]. 

The bibliometric analysis presented in this study highlighted the transformative impact of AI on the fields of financial 

process and finance. The significant increase in research output since 2010, particularly during the years influenced by the 

COVID-19 pandemic, reflected a growing recognition of AI's potential to enhance operational efficiency and decision-

making within these sectors. Key trends identified through co-authorship and citation analyses demonstrated a collaborative 

effort among researchers across various institutions, particularly in leading countries such as China and the United States. 

This collaboration has fostered a rich intellectual environment essential for driving innovation and addressing the 

challenges posed by the rapid evolution of technology in financial practices. 

RQ4. What are the key theoretical frameworks and technical approaches utilized in this field, and how do they 

influence current research trends? 

The existing literature on AI applications in financial process and finance utilized a variety of theoretical frameworks 

and technical approaches to examine the integration of these technologies within the field. The Technology Acceptance 

Model (TAM) and the Unified Theory of Acceptance and Use of Technology (UTAUT) are prominent frameworks used to 

understand the factors influencing the adoption of AI-driven tools and systems by Financial process  and finance 

professionals, as discussed by Azimah and Ria [109]; Sohn and Kwon [110]; Vărzaru [111] and Ferri, et al. [112]. The 

Resource-Based View (RBV) has also been applied to understand how AI can provide a competitive advantage to 

organizations in these domains [113-115]. 

Regarding technical approaches, Vo Van, et al. [115] described that ML algorithms have been extensively utilized for 

tasks like fraud detection, risk assessment, and financial forecasting [115]. NLP is used to analyze and extract insights from 
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unstructured financial data, while deep learning models have been applied to credit risk modelling, stock price prediction, 

and anomaly detection in financial transactions [116, 117]. However, the adoption of these frameworks and approaches has 

influenced current research trends by driving research towards understanding the factors that facilitate AI adoption and 

enabling more sophisticated analyses of financial data 

The bibliometric analysis findings significantly challenged existing theoretical frameworks for financial process and 

reporting. In the past, corporate transparency and financial disclosure were based on conventional reporting standards and 

Financial process  methods [118, 119]. However, AI challenges traditional batch processing and static data handling 

paradigms, enabling organizations to use complex algorithms for enhanced accuracy and efficiency in fraud detection and 

automated accounts [120, 121]. Furthermore, the changes in emerging technologies like ML and blockchain reflect a 

paradigm shift from traditional techniques, which made scholars and practitioners question the existing theories on 

accountability and trust in business reporting [122-124]. This evolution highlighted the need for frameworks that 

incorporate the fluidity and complexity introduced by AI-driven financial processes. 

AI technologies in financial reporting simplify reporting processes by automating data processing in real-time, 

reducing time and effort for tasks like data verification and outlier detection [125-127]. Additionally, this shift demands 

that the practitioner cultivates a learning and training culture, as Regulators should also be responsible for updating the 

rules to incorporate the specifics of digital disclosure [128, 129]. This could include inventing adaptable frameworks to 

foster creativity while promoting corporate governance measures and accountability in the financial reporting process. 

Moreover, the current relationship between industry stakeholders and regulators presents an opportunity to develop a 

structure for financial reporting that can adapt to users' expectations in the digital environment while simultaneously 

strengthening the public's confidence in financial reporting [130-132]. 

 

4.1. Future Research Implications 

RQ5. What are the potential theoretical and practical implications for future research in AI, technology, and their 

applications in financial process and finance? 

The study revealed that AI has significant theoretical implications in financial reporting, with 50% of cases requiring 

further research. This highlighted the need for a deeper analysis of AI's role in Financial Process, auditing, and 

accountability. 35% of sources emphasize practical implications, suggesting how AI can improve corporate reporting 

processes [133]. 15% of studies addressed potential policy implications, particularly the need for regulatory adjustments to 

accommodate AI's growing influence in financial reporting [134]. Theoretical demands include exploring new financial 

process models integrating AI, such as management financial process and predictive analytics. The shift from double-entry 

models to AI-assisted financial forecasting is also worth exploring. AI's accountability and transparency capabilities are 

also crucial, enabling real-time reporting and potentially reshaping financial disclosure frameworks [135, 136]. Table 2 

highlights the future research question. 

 
Table 2.  

Future Research Questions. 

Research Area Future Research Questions 

Financial process  

(1) How will AI reshape traditional financial process theories, similar to the impact of blockchain 

on management financial process? 

(2) Will AI-driven predictive analytics replace conventional financial forecasting models in 

corporate financial process? 

(3) How will AI facilitate the management of diverse stakeholder expectations in corporate 

reporting? 

(4) How will AI redefine the accountant's role and their business model activities? 

Auditing 

(1) How do the characteristics of AI integrate with auditing processes? 

(2) How can AI audit platforms govern multiple actors involved in financial transactions? 

(3) How will AI evolve the auditor's role, similar to the evolution prompted by blockchain? 

Accountability 

(1) How does AI increase transparency and accountability in financial reporting? 

(2) Can AI scale the concept of transparency and accountability beyond what blockchain has 

achieved? 

(3) How will AI's immutability of financial records impact stakeholders' accountability 

management? 

 

Moreover, practical implications include AI's potential to enhance financial visibility and enable faster decision-

making, mirroring block chain’s advantages in corporate reporting [137, 138]. As AI takes over more operational activities, 

accountants and auditors must adjust their focus towards oversight and strategic analysis [22, 139]. Therefore, the policy 

calls for regulatory frameworks reflecting AI's technological advances in financial process and auditing and clarifying how 

AI-driven financial reporting systems align with taxation, compliance, and public transparency.  

 

5. Limitations and Future Research  
The study on AI in financial process and finance has several limitations, including its focus on peer-reviewed articles 

from 2010 to 2024, which may overlook other publications like books, conference papers etc., and its search terms not 

covering all relevant literature. Additionally, the analysis was based on selected academic databases, which may not fully 
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cover the range of research activities in this rapidly evolving field. Future research should expand the scope to include a 

wider range of publication types and sources, employ a more comprehensive set of keywords, and conduct longitudinal 

studies to track developments over time. This will provide deeper insights into the evolving relationship between AI and 

corporate reporting practices in real-world scenarios. 

 

5.1. Future Empirical Direction 

Further avenues for AI incorporation and specifications into ACC and FIN should be as follows to improve knowledge 

and application in the area: In the first place, there is a need for qualitative and quantitative long-run research to examine 

the effects of these technological innovations on historical accountancy and present and future choices. This entails 

evaluating the impact that AI introduces to the process through the examination of the temporal trends in accuracy and 

efficiency of financial reporting, the overall implications of AI on stakeholder trust, the impact of AI on Corporate 

Governance, and other related issues. Second, empirical research should assess the adaptive capability of concrete AI 

algorithms in various financial settings. Relative analyses can show which machine learning algorithms or natural language 

processing approaches give optimum outcomes in technologies consisting of fraud detection, credit score, and prediction. 

This will assist the organizations to arrive at the most effective tools to deploy in correspondents to each need. Also, future 

studies should focus on how organizational culture and employee training can support the integration of AI. It is possible to 

gain insights about how various organizational dynamics impact the uptake and application of AI tools based on the 

findings in this study, which can be useful to practitioners leading or sponsoring AI initiatives. However, there is 

knowledge that nevertheless could be produced from combining behavioral finance, information systems, and 

organizational theory, which we believe might provide a more complete view of the effects of AI. It could research into 

aspects such as the acceptance of AI-based tools by the users together with the ethical aspect of using artificial intelligence 

in decision making in the finance industry. Finally, analyzing how the diffusion of AI varies across nations and how these 

impacts financial activities can yield an extended worldwide perspective of this quickly progressing subject area. This 

paper argues that by engaging with these empirical directions, researchers can enrich the financial process and finance 

discourse, helping practitioners and policymakers advance in their attempts to navigate the AI revolution. 

 

5.2. Future theoretical directions 

Future research on AI in Financial process and finance can build financial process theories and introduce new AI 

models, as well as analyses the relationships between AI and regulations, use behavioral theories to explain users’ AI 

acceptance, and use an interdisciplinary methodology to address ethical issues. These directions are meant to help widen 

appreciation and use of the role of AI in these disciplines to facilitate future research and practice in this quite vivid field. 

Thus, by following these theoretical streams, researchers can advance a view of how AI might be more broadly applied in 

financial process and finance. 

 

5.3. Future Methodological Directions 

New research avenues in utilizing financial process and standard setting for the future will need to lean more into 

computational technologies including artificial intelligence, machine learning and Blockchain. To this end, research will 

focus on advancing architectures that support real-time analysis methods while increasing reporting transparency. Also, the 

methodologies will require aspects of ethical approaches and biases that are firmly rooted in automation. Standard setting 

bodies or organizations should look at partnership options on how to incorporate the use of crowdsourced feedback and 

international view as a way of providing future proof standard that meets the overall stakeholder assessment. Also, focusing 

on sustainability measures will increase the use of nonfinancial information in integrated reporting reconciling a company’s 

financial performance and its social responsibility. 

 

5.4. Future Geographical Directions 

Financial process and standard-setting in terms of geography for the future will include more of the world integration 

policy due to challenges in international operations. This paper establishes that as companies go global, the practice and 

adoption of financial process standards are likely to increase and gain an international dimension in a bid to improve the 

level of comparability. Well, the definitions of such standards may be the result of the development of frameworks and in 

this process emerging markets may be especially engaged in playing the part of integrating sustainability metrics and 

adopting digital technologies. Also, regulatory bodies will continuously integrate their standards at the international level 

so that they capture different economic realities and interests of the various stakeholders. This global approach will 

improve the comparability and quality of financial information disclosed in the global arena. 

 

6. Conclusion 
Integrating Artificial Intelligence (AI) in financial process and finance has shown significant potential in improving 

operational efficiency and decision-making. A bibliometric analysis revealed a significant increase in research output since 

2010, particularly during the COVID-19 pandemic. AI technologies like ML and blockchain are reshaping traditional 

practices, fostering innovation, and addressing challenges such as data protection and ethical considerations [2]. The 

analysis highlighted collaborative efforts among researchers, primarily from China and the United States, driving 

advancements in this field. Additionally, keyword analysis showed that terms like "artificial intelligence" and "big data" are 

central to current research. These insights underscore the need for ongoing exploration of AI's role in corporate reporting 
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and its implications for financial practices, emphasizing the importance of addressing ethical considerations and skill 

development among professionals in the field. 
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